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A P
Elh"l 1 wadszam (neuron) Tuf'mmmg}m

1.1 Synapse

1.2 Dendrites

1.3 Plasticity

1.4 Node

1.5 Activation function, Activation level
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2. WBTUIBAITUNUIONAZAINIANAIIUDA Single perceptron (Single-layer perceptron) A% Multilayer neural
¥
network (Multilayer perceptron) Tuiga Linearly separable wiouvisesuwingaaiaves Three-layer feed-forward

neural network 1319 2 (2.5 Azur

Eﬂﬁ 2 The three-layer feed-forward neural network
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3. Hopfield Networks 1N Single-layer Hopfield network 6 Node U Sign activation function L‘ﬂu Activation function
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At
+1 ,x>0
SIGN({X)=
{— 1 ,x<0
N
W=> XX -NI Y, = Sign(WX, - 0)
i=1

* = L4 o 13 . . .
W fem Weight Thumaind, X, Aoduwnommes, N AedmiuSte vee X,, i fio M XM Identity matrix

¥ = w . o
07 YOYDH Training Input AU

i -1 -1 0
1 -1 -1 0

X, = X, = X, = 9 =
" .| P | 0
—1 1 -1 0

A
3.1 2IMIA Weight 489 Training Input NIHW (2 AZIHUW)
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1< X <15

4.1 wsoonuLY £1(x) Fudua Fimess vea 7 (x) Taeld £'(x) =0 (1 sy

4.2 $ 117019199 1uA1319 1aT935UR Chromosome 910 Generation 1 1 §1147u 2 g Hivziiiu Chromosome Wl Tao
%3 lﬁﬂnﬁ"uﬁuuu Roulette-wheel selection Tﬂﬂﬂ'ﬁﬂlu 910 Roulette-wheel selection INDIABN Chromosome flsn
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Generation 1

Chromosome | Genes | Integervalue | f(x) | Fitness f'(x) | Fitness ratio ¥
C1 1010 10
C2 0010 2
C3 0111 7
C4 1110 14
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anuEvessosud Alamais ey =s

1 a I3 o o

AMMIveaveEsoauRiesisua=Q
fiviua Af3ae

013 = H (high)

ANToYYToA1 = L (low)

£h

TAniasnn = VL (very low)

uazm Membership function fiail

¢ v 10—~ r,x <10
mmsugwiivesNIaoURyITeTIn My, (x)=1" 19 Jor,x <
0, for,x>10
50-x
' o —_— <
AimIvnesavessinsuaunios My (=1 50 » Jor,x <30
0, for,x > 50
0, for,x <40
ATNITVNIAIVDWITOIUANVUNIN My, (x) =1 x—40
oH —, for,x > 40
60
40-x )
o : <
gaMglivesoIMANIBUBNA My (x)=1 40 » for,x <40
0, for,x> 40
0, for,x <30

N fn e =qx-
JUH QUYO0 1N WONYY My (x) ngo,for,x>30

100-x

ﬂmnﬁwminnuﬁﬁ']MSL(x)= 100 Jor,x <100
0, for,x>100
) ) 0, for,x <50
ANIWTIVBITOOUAGS M gy (x) =< x—50 for,x > 50
100 77

o ar ¥ & 4t 1 ¢ dur A
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Rule 1 : IF temperature is high OR speed is high THEN tire flexibility is high
Rule 2 : IF temperature is low AND speed is high THEN tire flexibility is low

Rule 3 : TF temperature is low AND speed is low THEN tire flexibility is very low
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31 0 4 1 3 4 0
21 0 4 4 0 1 2
= p =
Pl 2 100 2701 2 3
1 4 3 2 4 1 2 3
8.1 9911 Difference metrix (1 AzMHY)
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