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1. Supervised Learning Algorithm

1.1 Locally-weighted logistic regression UONAITULANATNUDY logistic regression 2 i locally-
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1.2 Naive Bayes 9995U1899M15%11 maximum likelihood parameter estimation Tl Naive Bayes 11!31]
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1.3 Kernel ridge regression 29951100915 19 kemel trick TuM59AMSAY feature MY infinite
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1.4 SVM with Gaussian kernel 113 train SVM fe Gaussian kernel
K(x,z) = exp(—llx — z||*/?))
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1.5 Naive Bayes and SVMs

2UeNLIRAlUMIIEUNATIA Naive Bayes 1az SVMs ¥1141um5¥1 Spam Classification #3013
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2. Unsupervised Learning Algorithm

2.1 Uniform convergence and Model Selection
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2.5 PCA and ICA for Natural Images
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3. Reinforcement Algorithm
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