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1. Regression (3 AZ1IHU)
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3. Naive Bayes (3 nzUUH)
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4. Nearest Neighbors (3 flzliUH)
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5. Decision Trees (3 AZNUU)
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6. Support Vector Machine (3 Aizuilil)
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7. HMM (3 Azuull)
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8. Markov Decision Process (3 fizllHU)
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9. Reinforcement Learning (3 AzitUU)
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10. Dimensionality Reduction (3 AZiiHH)
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