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ARUN 1 (25 AZUWL, 50 UT)

MUUANIINAIR (Dynamic Programming)

1. NIV NIBKLL Top-Down WAz Bottom-Up Hanutuzasinals auaBuignnuimnsing (5 AzuuL)

2. adLNtAMIETaIAAAselUT (5 Azuuw)

1) Feasible Solution

2) Objective Function

3) Optimal Solution

4) Constraints

5) Optimal Substructure
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3. tfynn 0/1 Knapsack nuualiidiaasanuiu n du usiazduilyam v, v, ., v, uazuiimin w,, w,,

o w, enanay guiiuildluquaslGminladiu w asdanuadlaglildyassssnngs Taavgalians
Objective function (Wariiuamtlszaar):
. . n
Maximize  Vpotal — Z i—l(Xi * Vi)

Constraint (a’nfavzadeuly):

n

Weotal = Z(Xi *wj) < W

i=1

1) a41liEL recurrence relation “U‘d\‘lﬂtywﬂﬁ (3 Az LU

2) sauannsFiums e Ineliuessau 4 Tu usasdudyas 40, 15, 30, 20 LW Az

uwin 2, 2, 3, 2 Alaniu snuand guiiiusiwmnls 6 flaniu (5 Aziuw)
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3) fuNL%u@ﬂﬂmmjmmumaﬂ@mmumﬂmmm Jeynn 0/1 Knapsack loellduannng

Dynamic Programming (bottom-up approach) WianeaELUNe Code (7 ALY
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AAUTN 2 (20 ATLLL, 30 W7

fanes7azTun (Greedy Algorithm)

1. amaudndszloasiald 459 vie wia whanlfwsuasiuayu wie B (5 azuuw)
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2) Maszaznandugaa e lisanesiaiteas T s
ANFBLL

MRHA:

3) lurTyun fractional knapsack l391ARSIABNTBIUINTIAAN DU
ARBL:

WIBHA:

4) Ty 0/1 knapsack TianunsnliganeTudeas luy
AGIBL:

M HIATE

5) trymnsnauulaglidanesnuta: Tuuanarh lUgimeuniin s
ARBL:

AP IATS

2. tyunsiaaniiangsu Activity Selection (15 AZULW)
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1) aseTunamAnnsuitiunn Activity selection finel Greedy algorithm wWsanaiung Code
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Activity | A, | A, | A, A | A LA A | A,
StartTime | 10 | 7 | 3 8 6 | 2 | 4 | 3
Finish Time | 14 | 8 7 "l 7|6 5 8
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Aaufl 3 (25 Az, 50 1N7)

fanasnungw (Graph Algorithms)

1. Complete Graph #il n Unazfidnunuduidamuyinls (1 Azl
2. Undirected Graph, Directed Graph finariueeinals (1 Aziuw)
3. Path Uaz Cycle fariuatinels (1 Azluw)

4. Graph uaz Tree finaruesinels (1 AzZWUL)

5. A lSANEINUAMTLNIAUANLLINATY (Breadth First Search) wamanns adinaan Queue w83

wiaz1u Aazdusan Wweld Graph uaz Queue N nFalUT (10 AZILW)
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6. andia 5 mnAmualtiniduiionwintu 1 30dugaaan P luw Z ipanuenaduwinle (1 Azuiuw)

7. aaldSanmiNug LM IFURNULLIAN (Depth First Search) wamans lwadinaen Stack UDIUFAT

Y azdunau 1aald Graph waz Stack #ltunsie U (10 Azuwuw)
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AAUT 4 (20 AZILUL, 30 U7

msAulutEnSaniuy (State Space Search)

1. MsnanselUnlun 2R uAIDINAILAN (6 AZLLL)

A. Depth-First Search B. Breadth-First Search

C. Backtracking D. Least-cost Search

= ~ . aal % ;N -
1) ‘Luﬁguﬂmu: (state space) Mu binary tree mﬂﬁﬁm?ﬂuﬁqmﬂmu:(state space search) 74
(% A4 ad d a a o o - o jaa =
Andnaie 3ansleilss@nnwsnianileAmes ey aginam uanlege ez wiel e
ANGIBL:

BN

2) Iuﬁgﬁﬂﬂﬁu: (state space) iy binary tree mﬂaqﬁ‘ﬂ’]i%uﬁqﬁmmu:(state space search)
FansledidszdninmenigaieAmesmaaTymagi s luangs wezmsla
AR

\FINA:

2. 3BNTANUE WATANSANTAUMNAIY Least-cost Search A1FU Sum of Subset Problem tila

A={12,8,7, 2} UAZ HATIN P = 22 (6 AZLUU)
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3. awenfndanuz uazanBenn9funnding Backtracking 11131 Sum of Subset Problem Lile

A={12,8,7, 2} WRZ WATIN P =22 (6 AZLUU)

4. a1ndie 2 uazie 3 snrledunuAnaUldiEang (2 AzuuL)
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AaU 5 (10 AZUL, 20 W17)

AN aueaTium (Complexity Class)

1. avilay Optimization Problems ﬁalﬂﬁiﬁ@@ugﬂﬂlm Decision Problems (3 AZLUL)
1) Optimization Problem: Wiamelnguad D M tinasiiu k

Decision Problem:

2) Optimization Problem: w1 tour Nilszaiznvdugavyniiadluns w G

Decision Problem:

3) Optimization Problem: waas7mdulageliidyadinsngean Tneiineluin

Decision Problem:

2. e msdanguanududauresymdiunisfiun andauiefinuazeungnnumag
Tnedatuaanguilyun (problem classes) sialiil P, NP, co-NP, NPC, NP-Hard Uz 3AUNUNW

FAUAANANTIUMIAINANY UUANNAFIUATN P NP, NP #co-NP (7 AzWuW)
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